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Abstract: In mining algorithm for high utility itemsets with multiple minimum utility threshold (MHUI) , calculation is often 
repeated and mining result itemsets are not frequent . This paper developed two new fast mining algorithm SFMHUI and FMHUI. 
The FMHUI algorithm used the previous calculation result in the calculation of the minimum utility threshold of the itemsets, 
avoiding duplicate comparisons between items; in addition, the FMHUI algorithm defined the minimum utility threshold table 
EMMU -table of extensions of items to quickly calculate the minimum utility threshold of extensions, improving the efficiency. 
The SFMHUI algorithm added the support constraints on the basis of FMHUI, making the mining itemsets both high-utility and 
frequent. The result from simulation experiments shows that the proposed algorithms are efficient and feasible. 
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